IZA DP No. 2432

Income Support Policies for Part-Time Workers:
A Stepping-Stone to Regular Jobs? An Application to
Young Long-Term Unemployed Women in Belgium

Bart Cockx
Stéphane Robin
Christian Goebel

DISCUSSION PAPER SERIES

November 2006




Income Support Policies
for Part-Time Workers:
A Stepping-Stone to Regular Jobs?
An Application to Young Long-Term
Unemployed Women in Belgium

Bart Cockx

Université catholique de Louvain,
CESifo and IZA Bonn

Stéphane Robin
BETA-Cereq, University of Strasbourg |, PEGE
and Université catholique de Louvain

Christian Goebel

Université catholique de Louvain and ZEW

Discussion Paper No. 2432
November 2006

IZA

P.O. Box 7240
53072 Bonn
Germany

Phone: +49-228-3894-0
Fax: +49-228-3894-180
E-mail: iza@iza.org

Any opinions expressed here are those of the author(s) and not those of the institute. Research
disseminated by IZA may include views on policy, but the institute itself takes no institutional policy
positions.

The Institute for the Study of Labor (IZA) in Bonn is a local and virtual international research center
and a place of communication between science, politics and business. IZA is an independent nonprofit
company supported by Deutsche Post World Net. The center is associated with the University of Bonn
and offers a stimulating research environment through its research networks, research support, and
visitors and doctoral programs. IZA engages in (i) original and internationally competitive research in
all fields of labor economics, (ii) development of policy concepts, and (iii) dissemination of research
results and concepts to the interested public.

IZA Discussion Papers often represent preliminary work and are circulated to encourage discussion.
Citation of such a paper should account for its provisional character. A revised version may be
available directly from the author.


mailto:iza@iza.org

IZA Discussion Paper No. 2432
November 2006

ABSTRACT

Income Support Policies for Part-Time Workers:
A Stepping-Stone to Regular Jobs? An Application to
Young Long-Term Unemployed Women in Belgium

We verify whether an income support policy for part-time workers in Belgium increases the
transition from unemployment to non-subsidised, “regular’” employment. Using a sample of
8630 long-term unemployed young women, whose labour market history is observed from
1998 to 2001, we implement the “timing of events” approach proposed by Abbring and Van
den Berg (2003) to control for selection effects. Our results suggest that the policy has a
significantly positive effect on the transition to non-subsidised employment when one does
not control for unobserved heterogeneity. This effect remains positive, but becomes
insignificant, when one corrects for selection on unobservable characteristics.
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The high and persistent unemployment rate encoethi@ many European countries
has been a major concern of policy makers for twenty-five years. Since the Amsterdam
Treatise was adopted (in June 1997), the EuropeaonUEU) explicitly recommends the
implementation of “active” labour market policiehefeafter ALMP): unemployment
insurance systems should be reformed to enhanclgaydity and to favour the transition of
unemployed workers towards employment. One of ti¢3dP is income support granted to
low-wage and/or part-time workers. Income supp@ad been provided in several European
countries (including Belgium, France, and the UKJl avill be the focus of our analysis.

In Belgium, since 1980, unemployed workers whoehagcepted a part-time job and
who are still looking for full-time employment amdlowed to keep a fraction of their
unemployment benefits. In 1993, this led to theattom of a new legal status: that of “part-
time worker with entitlement (to unemployment bats¢f. These part-time workers are
granted an income premium, known as A@Rdcation Garantie de Revehurheoretically,
it is unclear whether AGR is a stepping-stone gula employment. On the one hand, the
labour market experience that a worker may acaiuméng the course of this ALMP could
increase his/her employability. On the other hametause of its design, this policy may
create a “part-time employment trap”. indeed, timeome support decreases in direct
proportion to an increase in the worker's wage. Bigective of the present study is to
determine which of the two effects actually prevail

Our evaluation concerns only a subset of thel@égpopulation. First of all, men are
not taken into account: the small number of ma@prents would make the econometric
analysis awkward at best. Second, the Belgian govent sponsored this study in order to
identify, among existing ALMP, those that are midstly to help disadvantaged youth out of
unemployment. We therefore retained, for our anglyspopulation of 8630 young long-term
unemployed women without any labour market expesehey were selected nine month
after graduating (at various levels of educatioa),the moment they were entitled to
unemployment benefits. The choice of this popufatisas dictated by a concern for
alleviating the serious problems met by young pedphd especially young women) on the
Belgian labour market.

The paper is organized as follows. A first secti@scribes the institutional context of
the Belgian unemployment insurance system and tB&.AA second section surveys the
empirical literature dedicated to the evaluationirafome-support policies. The third and
fourth sections respectively present our data arwh@metric model. The results of our
analysis are presented in Section 5. Conclusiangigen in a final section.

1. Institutional context.

In Belgium, eligibility to unemployment insurancereesponds to two different labour
market situations. On the one hand, as in manytdespwhen a worker loses her fobhe is
entitled to unemployment benefits, provided thae stontributed to the unemployment
insurance system while she was working. In tha¢ cekgibility depends on the length of the
previous employment spell, and, legally, this lenigicreases with ageOn the other hand,
the Belgian system is very specific, in the sers® tinemployed youth (below 30) may
obtain entitlement to unemployment benefits, predid(i) that they were registered in the

* In the rest of the text, we use “she” insteadhaf/$he” and her instead of “his/her”.
® Special conditions apply to workers having follamurses in “second chance” education, in traicingres
for the self-employed, or in part-time vocationdlieation.



third yeaP of secondary education or at a higher level aijdtiat they did not drop out
before the end of the school year (on Jun®).30hey do not have to pass the exams

Young job seekers who have just left the educasigstem, have to go through a
‘waiting period’ before being formally entitled to unemployment é&f@s. The length of this
waiting period depends on age: 6 months for jolxessebelow 18, 9 months for job seekers
aged 18-25, and 12 month for those aged 19-26.a@alysis is concerned with a sample of
18 to 25 year-old women who, at the end of the ingiperiod, are still looking for a job.
Their date of entry into the database correspommdgheir date of entry in ‘insured’
unemployment, i.e. to the date when they firstikecanemployment beneffts

The level of unemployment benefits in Belgium degseon the last wage (for those
who were previously employed), the length of themaployment spell, on family status, and
on age. For unemployed youth without labour magkgierience, only family status and/or
age are taken into account. For instance, in Deee@®05, monthly unemployment benefits
for the 18-25 year old were equal to: 872 eurosctirabitants with children, 361 euros for
cohabitants without children (if both cohabitants anemployed), 339 euros for cohabitants
without children. For singles, monthly unemployrmkeenefits depend only on age: 381 euros
if aged 18-20, 626 euros if aged 21-24, and 620<tor ages 25 and up. Different from any
other OECD country, these benefits are providetout any time limit.

The existence of unemployment benefits for youttheut labour market experience
IS a unique institutional arrangement. It is justf(from a political point of view) by the fact
that youth unemployment is extremely high in Befgiun 2003, the unemployment rate of
the 15-24 year old was equal to 21%, whereas thmge unemployment rate in Belgium was
equal to 8% only (European Commission, 2004). énwhalloon region and in Brussels, youth
unemployment was even higher, with rates risingaup2% and 35% respectively (Eurostat,
2004). In Flanders, however, the unemployment ddt¢he young was a little bit lower
(15.5%), but still higher than the average.

The AGR is a premium granted to full-time job seskeho accept a part-time job
(the duration of which should be less than 4/5 d@ilktime job). This premium cannot be
granted if the monthly wage of the part-time worleehigher than minimum wage (equal, in
December 2005, to 1,234€/month for full-time wogeaged 21 and up). Moreover, in order
to receive AGR, the part-time worker should keepsearching for a full-time job. Therefore,
the AGR can be considered as an ALMP designed ¢elerate the transition to full-time
employment. If a worker who receives AGR losesgdag-time job, he will be considered as
unemployed and will again be entitled to full-tinmeemployment benefits.

The level of the AGR is calculated as follows. Qakes the level of benefits for a
full-time unemployed worker. One adds a bonus, Wwhdepends on family status (in June
2004, this bonus was equal to 154 euros for codwatsitwith children, 123 euros for singles
and 92 euros for cohabitants without children). fihal amount of AGR is then computed by
deducing from that sum the wage associated to dhtetime job. In other words, the AGR is

® Students outside vocational/ technical trainingms must be registered in the fourth year oréiigh

" Consequently, for some the highattaineddegree may be primary education (after 6 yeassbboling): the
next level,lower secondaryis only attained aftesuccessfullycompleting three years of secondary education.
This explains why in Table 1 the fraction of workevith a primary school education level is strigihysitive.

8 Our data do not allow us to observe individuaf®keethe end of the waiting period, which meangy thee not
observed at their entry in the labour market, btheir entry in ‘insured’ unemployment.



computed using the formula: “AGR = benefits + borusvage from part-time job”. This
subsidy is awarded for an indefinite time pericllang as eligibility criteria are satisfied.

Cohabitants with children are more represented gmewtual recipients of AGR,
probably because their income bonus is more gerseloul997, they represented 64% of
young AGR recipients (i.e. those without labour kearexperience who became eligible at
the end of the aforementioned “waiting period”)n@es and cohabitants without children
represented only 16% and 20% (respectively) of¢hate category of AGR recipients.

Although the AGR aims at increasing workers’ emplaility and is supposed to serve
as a stepping-stone to full employment, this pohtgy actually replace the “unemployment
trap” by a “precarious employment trap” (Degredip@). Indeed, the AGR imposes a 100%
implicit marginal tax rate to any wage increase: dach euro added to the part-time wage,
one euro is deduced from the bonus. This policyldeen revised in July 2005, in order to
correct this anomaly. Our study, however, evalihtee AGR policy before this reform was
implemented.

2. Survey of the literature

Different types of income-support policies for lavage workers have been
implemented in various European countries (e.gmpleyment premium” in France,
“Working Families Tax Credit” in the UK). Severatudies suggest that these policies
accelerate the transition from unemployment to eympent (e.g., Meyer, 1995; Cahuc, 2002;
Blundell and Hoynes, 2004; Francesconi and vankdaauw, 2004 ; Eissa and Hoynes,
2005). This conclusion does not depend on whetmerstipport is awarded to the head of
household or is granted to individuals (which is tdase of the AGR). However, most of these
studies concern the USA and the UK, where the miminwage is much lower than in
continental Europe. In continental European coastrihe level of employment may be more
sensitive to labour costs than to labour supplemives (Cahuc, 2002). Moreover, the
aforementioned studies do not specifically focugpart-time workers, but, more generally, on
low-wage workers.

McCall (1996, 1997) has evaluated a system of irecsapport for part-time workers
in Canada. In this country, an unemployed workep va@lscepts a part-time job keeps his
weekly allowance as long as his weekly wage remaghew 25% of this allowance. Beyond
that threshold, one (Canadian) dollar is deducexh fine allowance for each additional dollar
gained through part-time work. Consistent with tiyethe author finds that a 50% increase in
this income support tends to increase the prolbglafigetting a part-time job (by 2% to 3%)
and to decrease unemployment duration (by 2.5 2od@ys). These effects, however, are
relatively small.

The aforementioned studies do not specify whetheome supports accelerate the
transition to “regular” employment (i.e., non-subsed, full-time employment). This depends
on the rate of progression of the earnings (a fancof the hourly wage and/or working
time): if earnings increase sufficiently, the ambahthe subsidy drops to zero. Theoretically,
an income support such as AGR may accelerate ak aseldecelerate this transition.
Arguments in favour of acceleration are as follofgob-seeker who accepts a subsidised,
part-time job signals his motivation and attachmerthe labour market to employers (Gerfin
et al., 2002). In addition, according to human tapheory, labour market experience and on-
the-job training should lead to an increase in pobgity and,in fine, in wages.



However, recent empirical studies have shown tretirms to labour market
experience are lower for low-skill work&rdloreover, in the case of AGR, the 100% implicit
marginal rate of taxation reinforces this “lockimg-in low wage subsidised employment
(Calmfors, 1994 ; Van Ours, 2002). Finally, therafoentioned signalling argument may also
slow down the transition to a regular job. For amste, employers may believe (righteously or
not) that workers who accept part-time jobs do wath to work full-time. In that case,
accepting a part-time job sends a negative signeirtployer¥’.

Many researchers (e.g., Boo#t al., 2002; Zijl et al., 2004; Autoret al., 2005;
D’Addio and Rosholm, 2005; Gagliarducci, 2005; Kwviaka, 2005; Larssept al., 2005)
have studied the impact of temporary jobs and eynpémt for temporary work agencies on
the transition to regular, permanent employmenesghstudies report mixed results. To our
knowledge, few researchers have studied the ingfguart-time (subsidised) work on labour
market reintegration. Buddelmeyetral. (1995) find that in the European Union, less tG&m
of unemployed workers use part-time work as a stgpgtone to full-time employment.
Blank (1998) shows that in the USA, men and womén work part-time tend to remain in
that situation for a long period of time, and exgece few transitions to full-time
employment. However, these studies are primarigcdptive, and do not allow determining
whether accepting a part-time job acceleratesrtmesition to a full-time job. Farber (1999)
suggests that in the USA, part-time work may béasp in the transition from unemployment
to full-time employment, but his analysis remainsanclusive.

Granier and Joutard (1999) is the only study tlialresses the same issue as we do
here, using a similar methodology. They estimat ithpact on the transition to regular
employment of an income-support policy for parteimorkers in France. This policy allows
a (full-time) job seeker working less than 136 lsamonth (and receiving less than 70% of
her previous wage) to cumulate his labour incontelaremployment benefits. The scheme is
designed to prolong the worker’s entittement to #tlewance proportional to his working
time.

The French scheme provides more incentives toitremsegular employment then the
Belgian AGR. First, the implicit withdrawal rate tfe subsidy is equal to the replacement
rate, and not to 100% as in Belgium. Second, smé&ance the duration of the entitlement to
the subsidy coincides with the duration of the tertient to the benefits, the worker who
doesn’t find a regular job before the subsidy esqirwill not be entitled to any other
allowance of the unemployment insurance systems €hntrasts sharply with the Belgian
system in which the entitlement to both the subsidg the benefits is indefinite.

Granier and Joutard (1999) conclude that this pohcreases the transition to regular
employment, especially close to the moment at whicbmployment benefits expire. This
transition is only delayed for long-term (more thH8imonths) unemployed women. It is not
clear, however, whether this acceleration is caugethcome suppomnper se or whether it
results from the existence of a time limit on théteement to the benefits.

% ct. card and Robins (1999), Gladden et Taber (20@@ghir et Whitehouse (1996), Dustmann and Meghir
(2001), Card et Hyslop (2005). In Grogger (200Bpuigh, returns to experience are not significadifferent
among low-skill and high-skill workers.

19 See Ma and Weiss (1993) and McCormick (1990) filrearetical foundation of that argument. This anguat

is referred to by Burtless (1985) and Bonealal. (1994 ; 1997) in their evaluation studies. See Dumd
Rivers (1993) for a critique of that point of view.



3. Data

Our study uses administrative data centralised“ibahour Market Data warehouse”.
This database is the result of a joint effort frtdme central databank of the Belgian Social
Security (BCSS) and from various social securitstitntions. The Data warehouse gathers
individual and longitudinal information on the lalvamarket histories of Belgian workers. It
contains quarterly information on unemployment, Eyment (including self-employment)
and inactivity spells (identified by non-presenceany of the other spells). It allows to
identify most ALMP including subsidised employmenth as AGR.

The sample has been selected according to thregiariWe retain: (1) women aged
18-25, (2) who, in 1998, were for the first timetided to unemployment benefits, and (3)
who did not have any labour market experience dutie 9 months waiting period following
the end of their initial schooling. This leaveswith a sample of 8630 disadvantaged women.
The observation period stops at the end of yeat 200

Table 1 reports summary statistics for the exptanyatariables. We distinguish three
groups: (1) AGR recipients or the “treated grouf®2) individuals who experience a direct
transition from unemployment to full-time regulangloyment (and constitute our “control
group”), and (3) censored individuals. This lagiugr includes young women who remained
unemployed over the whole observation period (1208%). We also include in that group
women who experience a transition to inactivityclimiing education) or to other ALMP
(such as training or temporarily subsidised empleyth These transitions are ignored in
order to keep the econometric model tractable,taraoid that participation to other ALMP
contaminates the control group. We observe 175 A&ilipients, 3458 women in the control
group, and 4997 censored individuals.

We give a brief synthetic view of the observed afifihces between groups, by
comparing first the censored group and the comgrolip, and then the treated group and the
control group. The censored group gathers mostgtive women, and women with long
unemployment spells. Belgians are less representdéte censored than in the control group
(85% versus 91%), while non-EU foreigners are #ljgmore represented (9% versus 4%).
Low-skill women are also more represented in thesoeed than in the control group: 39% in
the former (versus 18% only in the latter) have lgmn 12 years of schooling. The censored
and control groups also differ with regard to fanstatus: in the former, 14% of the women
have children younger than 3, whereas in the lattes percentage is equal to 5% only.
Moreover, only 67% of the women in the censoredigriove with their parents (versus 80%
in the control group). This suggests that the @dngroup may face more difficulties in
finding childcare during their working hours. Filyalwomen in the censored group live in
sub-region§' where the unemployment ratds slightly higher than average. They are less
present, though, in the Walloon region than in &8 or in Brussels; this is somehow
paradoxical, since unemployment tend to be highem tiverage in the Walloon region.

TABLE 1 ABOUT HERE

™ The Belgian territory is divided in 30 sub-regions

12 This statistic is measured by the ONEM (Belgiaretdployment Office) as a percentage of the popuiatio
insured against the risk of unemployment. The negidenominator is smaller than the actual labouref
Consequently, it blows the unemployment rate up.



Women in the treated group (i.e. AGR recipient® l@ss educated: 31% have 12
years of schooling or less (versus 18% only indbetrol group). Moreover, women in the
treated group, just like those in the censored mrdive less at their parents’ (64% versus
80% in the control group), tend to have more yodniddren (12% versus 5% in the control
group) and live in areas where the unemploymemt imthigher than average. The treated
group therefore seems to have a lower employapddynpared to the control group. A single
indicator contradicts that observation: AGR reaipgeare more represented in Flanders (68%
versus 60% in the control group), a region wheesuthemployment rate is lower.

4. Econometric modelling

In our study, as in any evaluation study, we fdoe ‘selection bias” problem. To
estimate the impact of AGR on the rate of transito employment, we have to compare the
histories of AGR recipients (treated group) to tha$ non-recipients (control group). By
doing so, we may capture not only the effect of &@R per se but also the effect of
unobserved differences (in terms of employabilfty, instance) between both groups. To
solve this problem, we control for differences betw the treated and control groups on the
basis of both observed and unobserved individuatatteristics. To control for unobserved
characteristics (unobserved heterogeneity) we oelythe “timing of events” method. This
method exploits the fact that unobserved heterageradfects the transition to regular
employment throughout the unemployment spell, wdetée treatment (AGR in this study)
may only influence this transition from the momeamtwhich the treatment occurs. By this
“discontinuity”, one can identify the treatment exft from the selection effect without
imposing any “exclusion restrictions” on the obsehexplanatory variables. Abbring and
Van den Berg (2003, 2004) indeed showed that noanpetric identification is ensured
provided that:

(1) Agents do not anticipate this starting date. Thia reasonable assumption here, since
it is difficult for an unemployed worker to antieife if and when she will receive a
part-time job offer.

(2) The econometrician has precise information conogrttie timing of transitions;

(3) Observed and unobserved individual characteristitgence the rates of transitions
(to subsidised employmeandto regular employment) proportionally.

(4) There are no unobserved random shocks that arela®d with the timing of the
treatment; we try to avoid this by conditioning @hme-varyingindicator of the local
unemployment rate.

If these conditions are satisfied, estimating aabate Mixed Proportional Hazard (MPH)
model corrects for the selection bias.

The above-mentioned second condition is not coralyletatisfied in this application,
since we only have quarterly information. Howev&aureet al. (2005) have shown, using an
extensive Monte Carlo analysis, that Abbring and dan Berg (2003)’s method is extremely
reliable, even for time-grouped data. To apply thethod, it is sufficient that the assumption
of proportionality be satisfied and that the unobed heterogeneity distribution be flexible.

4.1.The bivariate MPH model

We estimate a competing-risks duration model in cWwhitransition rates are
proportional to observed and unobserved destinaspacific € = employment;p =
programme (AGR) participation) explanatory variables, denoted X and V %, (V)
respectively. Variables X and V are independentsgrithuted. In this model, transitions to



AGR on the one hand and to regular employment erother are represented by two latent
continuous durations, respectively and Te. More generally, we will use indeg for
parameters and variables related to the AGR pading, indexe for parameters and variables
related to regular employment.

The distribution of T, Te) conditional on X, Vp, Ve) is characterised by hazard
functions. If we assume that these are of the Méthh{®

In Gyt | X, Vp, Vo) = In A(t) + X' By + v,
(1)
In At fto, X, Vo, Vo) = INAe(t) + X' B +31(t>tp) + Ve

where Ay(t) and A¢(t) represent thdaseline hazardor transitions to AGR and to regular
employment respectively, and whefg is an indicator function, equal to 1 if the argunis
true, and to 0 otherwise. Consequenfiyneasure the impact of AGR on the transition té ful
time (regular) employment. We impose this effectt independent of other explanatory
variables. Abbring and Van den Berg (2003) showt tha interactions of this effect with
other explanatory variables can be identified. um study, however, the small number of
AGR recipients does not allow for such a flexilppedfication.

In our database, durations are not measured inncmnis time, but in quarters. This leads us
to specify the baseline hazard as piecewise candiha time axis is divided intm intervals

i =[1, Tsa[, wherel =1,2, ..., mand1: <12 <... <Tp, With 1; =0 andtm+1=. The
baseline hazard can then be written:

In Ap(t) = iaflpdlp
)
In Adt) = > afd*

where theagi’s are parameters to be estimated for intekvahd whereP, (d ) is an indicator
equal to 1 if a transition to AGR (full-time emplognt) occurs during interval &nd to O
otherwise.

The model is estimated by Maximum Likelihood usthg BFGS algorithm. We distinguish
three types of contributions to the likelihood, efhidepend on individual labour market
histories:l, for right-censored individuals at tintg*: I, for AGR recipients betweep.; and

ty; le for individuals experiencing a transition to reguémployment betwedp; andty.

13 One of our explanatory variables is time varyimgi, for the sake of simplicity, we do not conditi& on time

in Equation (1). Our time-varying variable is theter of unemployment in the sub-region of resideWe.
consider its evolution, starting at the time whiea individual becomes entitled to unemployment Benel his
variable controls for seasonality and businessecgffects in local labour markets.

14 Women experiencing a transition to inactivity oranother ALMP are censored at the end of the quart
preceding this transition. Women who are unemplayadng the whole observation period are censotdtea
end of year 2001.



These contributions are written:

lu(V)= Prob(Ty>ti, TStlX,V) = Si(tX, Ve, Vp)
B, (t,|X.v,)
Hp(tk‘X,Vp) +6,(t|X,V,)

3) lo(V)= Prob(ti.1<Tp<ty|X,V)= [Su(tk-2EX, Ve, V) —Su(tX, Ve, V)]
6.t X, v.)

le(V)= Prob(ty 1<Te<tiX,V)=
B, (t,|X,v,) + 6, (t, X, v,)

[ Su(ti-100X, Ve, V) —SU(tCIX, Ve, V)]

where$§, is the survival function in the initial state (umploymentu).

The survival rate in unemployment at timpdi.e. the probability of still being unemployed at
time ty) is denoted§(t| .) and can be expressed in terms of the hazard &amas in (4):

k
@) SutX, W V) = exp[— z[ep (t;]X,v,) +6,(t, |X,ve)]}
j=1
The log-likelihood can then be written as the sdnmaividual contributions:
N
) £=Y{3uin[, M)+ 3, )]+ 3. w]
i=1

whereJp; is equal to 1 iy, is the contribution of individual to the likelihood ith = u, p, ¢,
and to 0 otherwise.

In our application, the model is estimated threees: first without controlling for unobserved
heterogeneity — which is equivalent to settihg (0,0) — and twice with a different form of
the unobserved heterogeneity distribution. In théms&t two cases, we integrate the
contributions to the likelihood with respect to W iorder to get the unconditional
contributions:

©) =/ In(V)AGV)

where G is the joint distribution function of th@abserved heterogeneity terms. We can
control for selection on unobservables, as long $pecification of the heterogeneity
distribution allows for a correlation betweegnet ve.

4.2.Specification of the unobserved heterogeneity distrution

Gaureet al. (2005) show that, in order to get unbiased estimyaiee must correctly
specify the heterogeneity distribution. In orderdo so, we implement a non-parametric
approximation of the heterogeneity distributionngsa finite number of ‘points of support’
(Lindsay, 1983 ; Heckman et Singer, 1984). In ordefind the ‘correct’ specification, we
follow Gaureet al. (2005)’s approach by gradually introducing morenp®iof support, until
the likelihood stops increasing.



First of all, we impose a one-factor loading sgeatfon for G, in which the factor
consists in two points of support. This specificatis widely used in the literature. Its main
drawback is that it strongly constrains the cotrefa between unobserved heterogeneity
terms: only perfect correlation or no correlatiore allowed (Van den Berg, 2001). To
overcome this problem, we impose a second, morabfee specification for G, using a
discrete distribution with 4 points of supportsidifiexible distribution allows for any type of
correlation betweewe andv,. It is possible to show that the first specifioatis nested in the
second one. In our empirical analysis, the secqedification, with 4 points of support, has
not been rejected. Moreover, our procedure, whatlows Gaureet al. (2005), suggests that
there is no reason to add more than four poinsuipport to the heterogeneity distribution.

In the first specification, we assume thiatan take two different valueg;\et &, and
that v, is defined as the product of and j; a parameter to be estimateg= y.ve. As the
results, the probabilities associated to the pah&ipport can be defined as:

(9) P1 = Prob{e = Ve1, Vp = }/Ve)
P> = Prob{e = Veo, Vp = JVe)

We specifyP; etP, using a Logit model:

(10) Py -_expd and P,=1-P; -1
1+expA 1+expa

In the second specification, with 4 points of suppae assume that, (m = p, e)can take
two different values y et vn2. The four resulting probabilities are defined altofvs:

(11) P11 = PI’Ob(/e =Vey, Vp = Vpl) =p1
P12 = Probfe = Ve1, Vp = Vp2) = P2
P21 = Probye = Ve, Vp = Vp1) = P3
P22 = Probfe = Vez, Vp = Vp2) = Pa

Probabilitiesp; to p4 are specified using a multinomial Logit model:

expAa. 3
(12) DF% pourj=1,..,3 and ps=1-> p, :3;
1+ expA = 1+ expA
=1 =
5. Results

Our estimation results are presented in detailsalnie 2, which was separated in three
parts in order to make reading easier: Table 2recams transitions to full-time (regular)
employment, Table 2.b concerns transitions to sligesii employment (AGR policy), and
Table 2.c gives goodness-of-fit statistics as wad#l information on the unobserved
heterogeneity distribution. Each table comparesethifferent sets of results: without control
for unobserved heterogeneity, with the one-faatading heterogeneity distribution, and with
the flexible heterogeneity distribution. For eacht ®f results we give the estimated
coefficients, exponential of the estimated coeéintj standard deviation, and p-value. For the
sake of concision, we only comment our main resaltsl in particular the impact of AGR on
the transition to regular employment, as well &sittiluence of unobserved heterogeneity.



TABLES 2.a, 2.b, 2.c ABOUT HERE

In the model without heterogeneity, going throudie tAGR policy significantly
increases the rate of transition (hazard) to regemaployment: the estimated coefficient is
equal to 0.73, which corresponds to a hazard twehigh as in the control group (the
multiplier of the hazard function is given by expt®) = 2.08). However, this significant
effect disappears as soon as we introduce a cdatrahobserved heterogeneity in the model:
the effect of the AGR is insignificant in the modeth a one-factor loading distribution, as
well as in the model with a discrete distributioithw points of support.

Although each model presents the same Akaike Irdtion Criterion (AIC = 2.83),
the models incorporating a control for unobservedetogeneity seem to have a higher
explanatory power. Introducing a discrete distidutwith 4 points of support, though, does
not increase the value of the likelihood. A diattibn with 2 points of support therefore
seems sufficient to capture the selection on unebbées.

The estimation suggests that AGR recipients hawdbserved characteristics, which
would have enhanced their transition to regular legmpent, even in the absence of this
income-support policy. Considering these unobsemieinents is crucial: once they are
controlled for, the effect of the AGR is no longsignificant. These observations are
consistent with the idea, often mentioned in tterditure, that wages for low-skilled workers
increase very slowly, and with the fact that th@%0mplicit marginal rate of withdrawal of
the subsidy makes such increases even slower dikélyricf. Sections 1 and 2).

Nevertheless, the existence of unobserved elenpdagsg in favour of the transition
to regular employment, and the fact that the patansssociated to AGR remains positive in
the models with heterogeneity suggest that acagptipart-time job sends a positive signal to
employers. Thus, accepting to enter subsidised-tipaet employment seems to signal
motivation and willingness to work, rather than ebe selection. We therefore anticipate that
the recent reform of the AGR policy, in which theplicit marginal withdrawal rate of the
subsidy is reduced, will reinforce this positivéeet. This is matter for future research.

Secondary results bring to light determinants @f tfansition to unemployment that
are often quoted in the literature: nationalityueation level, and location. In all model
specifications, non-Belgian women have a signifiisatower transition rate to full-time
employment. Additionally, women who originate framn-EU countries also have a lower
transition rate to subsidised employment (i.e. #weyalso less likely to access AGR). Women
who have less (more) than 12-14 years of schodmgless (more) likely to experience a
transition to regular employment. More educated worare more likely to enter subsidised
employment than less educated (according to theets@dth heterogeneity).

The regional variable displays disparities betwEBtmders on the one hand, and the
Walloon region and Brussels on the other. Regitetion does not influence the transition
to subsidised employment; however, it affects tlamdition to regular employment. Thus,
young Flemish women have a significantly highengraon rate to regular employment
(+35% to +45%, depending on the model).
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Conclusion

In this paper, we evaluated the effect of an inceongport policy (known as AGR) for
unemployed persons accepting to work part-time. arfaysis was performed on a sample of
8630 long-term unemployed young women without pladrour market experience. On the
basis of the “timing of events method”, we estirdathe impact of accepting such a
subsidised part-time job on the transition to fifte employment. The econometric model
allows to control for selection on both observalaled unobservables.

Our estimation results suggest that AGR recipidrage unobserved characteristics
that would have favoured their transition to futhé employment, even in the absence of an
income support. Controlling for these unobservedratteristics is fundamental: as soon as
one does this, the coefficient associated to AGEbimes insignificant. This observation is
consistent with the finding that wages for low-kkibrkers increase very slowly, and with the
possibility that the 100% implicit marginal withaval rate of the AGR makes wages
progression even slower. On the other hand, thetiat unobserved characteristics accelerate
the transition to regular employment, and thatedffect of the AGR remains positive even
when insignificant, suggests that programme pauditis send employers a positive signal
(motivation, willingness to work, etc.). We therefoexpect the recent reform of the AGR
policy, in which the implicit marginal withdrawaate of the subsidy is reduced, to reinforce
this positive effect. This is matter for future @asch.
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Table 1 — summary statistic’’

VARIABLES sub-groups
Full employment AGR Censored group TOTAL
(control group) (treated)
Age in years at the end of 1997 20.75 (2.02) 20.42 (2.03) 20.14 (1.90) 20.39 (1.98)
Nationality :
Belgian 0.911 0.920 0.853 0.877
Non-Belgian EU 0.048 0.0457 0.059 0.055
Non EU 0.041 0.0343 0.088 0.068
Education level:
Primary (6 to 9 years schooling) 0.039 0.074 0.107 0.079
Lower secondary (9 to 12 years) 0.139 0.234 0.281 0.223
Higher secondary (12 to 14
years of schooling) 0.495 0.457 0.469 0.479
Higher education, non-university
(14 years of schooling and more) 0.187 0.160 0.080 0.124
University (16 years of schooling
and more) 0.075 0.069 0.033 0.050
Other 0.005 0.006 0.010 0.008
Unknown 0.060 0 0.021 0.036
Relation to head of household:
Head 0.066 0.177 0.114 0.096
Spouse 0.033 0.051 0.070 0.055
Child 0.802 0.640 0.674 0.724
Other 0.018 0.040 0.026 0.023
No family relationship 0.081 0.091 0.115 0.101
# persons in household:
# of persons, [0-1) year-old 0.030 0.091 0.079 0.060
# of persons, [1-3) year-old 0.024 0.034 0.063 0.047
# of persons, [3-6) year-old 0.037 0.017 0.055 0.047
# of persons, [6-12) year-old 0.112 0.069 0.140 0.128
# of persons, [12-18) year-old 0.250 0.211 0.272 0.262
# of persons, [18-30) year-old 0.488 0.377 0.484 0.483
# of persons, [30-50) year-old 0.630 0.446 0.569 0.591
# of persons, [50-65) year-old 0.368 0.297 0.295 0.324
# of persons, [65-75) year-old 0.033 0.046 0.036 0.035
# of persons, [75+) year-old 0.019 0.034 0.014 0.016
Unemployment rate, end 1997 25.84 (8.58) 28.05 (8.12) 27.64 (8.17) 26.93 (8.38)
Region :
Walloon region 0.303 0.200 0.207 0.245
Flanders 0.598 0.680 0.666 0.639
Brussels 0.098 0.120 0.127 0.116
Number of observations 3.458 175 4.997 8.630

Columns: average value
In brackets: standard deviation

15 The month of entry in unemployment is not prese:fitere; this information is available upon requesn the

authors.
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Table 2a — duration model estimates: transition teegular employment

VARIABLES No heterogeneity Heterogeneity : 2 pts of support heterogeneity: 4 pts of support
B Exp 8 o p-val. B Exp 8 o p-val. B Exp 8 o p-val.
Constant -2.57 0.08 0.13 0.00
Age in 1997 0.01 1.01 0.01 0.32 0.01 1.01 0.01 0.30 0.01 1.01.010 0.28
Nationality :
Belgian (reference)
Non-Belgian EU -0.15 0.86 0.08 0.03 -0.16 0.85 0.09 0.03 -0.17 50.8 0.09 0.03
Non EU -0.64 0.53 0.09 0.00 -0.71 0.49 0.10 0.00 -0.72 90.40.10 0.00
Education level:
Primary -0.88 0.41 0.09 0.00 -0.96 0.38 0.10 0.00 -0.97 80.30.10 0.00
Lower secondary -0.60 0.55 0.05 0.00 -0.65 0.52 0.06 0.00 -0.65 20.50.06 0.00
Higher second. (ref.)
Higher, non-university ~ 0.71 2.04 0.05 0.00 0.80 2.24 0.06 0.00 0.81 2.25.06 0 0.00
University 0.76 2.13 0.07 0.00 0.84 231 0.08 0.00 0.84 2.32.090 0.00
Other -0.70 0.49 0.23 0.00 -0.75 0.47 0.26 0.00 -0.75 70.40.25 0.00
Unknown 0.95 2.59 0.08 0.00 1.00 2.73 0.09 0.00 1.01 2.76.100 0.00
Month of entry:
January 0.13 1.14 0.14 0.16 0.13 1.14 0.14 0.17 0.13 1.14 .150 0.20
February -0.13 0.88 0.15 0.20 -0.14 0.87 0.16 0.19 -0.14 70.8 0.17 0.20
March 0.13 1.13 0.10 0.11 0.14 1.15 0.12 0.12 0.14 1.15 110 0.11
May 0.08 1.09 0.06 0.06 0.09 1.10 0.06 0.05 0.09 1.10 .06 0 0.07
June 0.07 1.07 0.04 0.06 0.08 1.08 0.05 0.05 0.08 1.08 .050 0.06
July -0.14 0.87 0.07 0.03 -0.15 0.86 0.07 0.02 -0.16 60.8 0.08 0.03
August -0.27 0.76 0.10 0.00 -0.29 0.75 0.11 0.00 -0.29 50.7 0.11 0.00
September -0.19 0.83 0.11 0.04 -0.20 0.82 0.12 0.05 -0.21 108 0.12 0.04
October -0.18 0.83 0.12 0.07 -0.20 0.82 0.13 0.06 -0.20 20.8 0.13 0.06
November -0.33 0.72 0.13 0.01 -0.32 0.73 0.15 0.02 -0.31 30.7 0.14 0.01
December -0.16 0.85 0.14 0.12 -0.17 0.84 0.14 0.12 -0.17 40.8 0.15 0.12
April (reference)
Relation to the head :
Head -0.16 0.85 0.09 0.03 -0.16 0.85 0.09 0.04 -0.17 50.80.10 0.04
Spouse -0.31 0.74 0.11 0.00 -0.34 0.71 0.12 0.00 -0.35 00.70.12 0.00
Child
Other -0.17 0.85 0.14 0.12 -0.18 0.83 0.15 0.11 -0.19 30.80.15 0.11
No family relationship ~ -0.04 0.96 0.07 0.30 -0.04 0.96 0.08 0.29 -0.05 50.90.08 0.28
# of persons:
# of [0-1) year-old -0.62 0.54 0.10 0.00 -0.63 0.53 0.11 0.00
# of [1-3) year-old 053 059 007 000 555 ge1 011 000 -050 060 012  0.00
# of [3-6) year-old 0.05 1.06 0.08 0.25 0.05 1.05 0.09 0.29 0.05 1.05.090 0.30
# of [6-12) year-old -0.08 0.92 0.04 0.03 -0.08 0.92 0.05 0.04
# of [12-18) year-old -0.09 0.92 0.02 0.00 -0.10 0.90 0.03 0.00 -0.10 0.90 0.03 0.00
# of [18-30) year-old 0.00 1.00 0.02 0.48 0.00 1.00 0.03 0.48 0.00 1.00.030 0.48
# of [30-50) year-old 0.13 1.14 0.03 0.00 0.15 1.16 0.04 0.00 0.14 1.16.04 0 0.00
# of [50-65) year-old 0.05 1.05 0.04 0.09 0.05 1.05 0.04 0.09 0.05 1.05.040 0.11
# of [65-75) year-old -0.10 0.91 0.09 0.12 -0.10 0.90 0.09 0.13 -0.10 00.9 0.10 0.15
# of [75+) year-old 0.18 1.20 0.12 0.06 0.21 1.23 0.13 0.05 0.21 1.24.130 0.05
Unemp. rate, end 97 -0.02 0.98 0.00 0.00 -0.01 0.99 0.02 0.34 -0.03 70.9 0.00 0.00
Aunemployment rate  -0.02 0.98 0.01 0.01 -0.02 0.98 0.01 0.02 -0.02 80.90.01 0.01
Region :
Walloon region (ref.)
Flanders 0.30 1.35 0.07 0.00 0.36 1.44 0.07 0.00 0.36 1.43.080 0.00
Brussels 0.09 1.09 0.07 0.09 0.11 1.11 0.07 0.06 0.11 1.11.070 0.07
Baseline: 2" quarter  -0.15 0.86 0.06 0.00 -0.07 0.93 0.06 0.13 -0.06 40.9 0.06 0.17
3" quarter -0.31 0.73 0.07 0.00 -0.18 0.83 0.07 0.01 -0.17 40.8 0.08 0.02
4" quarter -0.33 0.72 0.07 0.00 -0.17 0.85 0.08 0.02 -0.15 60.8 0.09 0.06
5" quarter -0.38 0.69 0.08 0.00 -0.18 0.84 0.09 0.03 -0.16 50.80.11 0.07
6" quarter -0.48 0.62 0.09 0.00 -0.25 0.78 0.11 0.01 -0.23 00.80.12 0.03
7" quarter -0.59 0.55 0.11 0.00 -0.34 0.71 0.12 0.00 -0.31 30.70.13 0.01
8" quarter -0.72 0.49 0.12 0.00 -0.44 0.64 0.14 0.00 -0.42 60.6 0.15 0.00
9" quarter -0.81 0.44 0.14 0.00 -0.52 0.59 0.15 0.00 -0.49 10.6 0.17 0.00
10" q. -0.93 0.39 0.17 0.00 -0.62 0.54 0.17 0.00 -0.59 50.50.19 0.00
11" q. -0.76 0.47 0.16 0.00 -0.44 0.64 0.17 0.00 -0.41 60.6 0.18 0.01
12" q. -1.52 0.22 0.27 0.00 -1.20 0.30 0.28 0.00 -1.16 10.30.28 0.00
13" q. -1.29 0.28 0.24 0.00 -0.95 0.39 0.24 0.00 -0.92 00.40.27 0.00
14" q. -1.77 0.17 0.33 0.00 -1.42 0.24 0.34 0.00 -1.39 50.20.35 0.00
15" q. -2.60 0.07 0.64 0.00 -2.24 0.11 0.70 0.00 -2.21 10.10.66 0.00
Effect of AGR (g 0.73 2.08 0.12 0.00 0.12 1.13 0.34 0.360.17 1.19 0.31 0.29
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Tableau 2b - duration model estimates: transitiond ALMP

VARIABLES No heterogeneity Heterogeneity : 2 pts of support heterogeneity: 4 pts of support
B Exp 8 o p-val. B Exp 8 o p-val. B Exp 8 o p-val.
Constant -5.80 0.00 0.68 0.00
Age in 1997 -0.08 0.92 0.06 0.08 -0.08 0.92 0.05 0.05 -0.08 20.9 0.06 0.10
Nationality :
Belgian (reference)
Non-Belgian EU -0.24 0.79 0.40 0.28 -0.26 0.77 0.38 0.24 -0.26 70.7 0.42 0.27
Non EU -0.93 0.40 0.45 0.02 -1.08 0.34 0.44 0.01 -1.07 40.30.47 0.01
Education level:
Primary -0.57 0.56 0.34 0.05 -0.71 0.49 0.33 0.02 -0.69 00.50.36 0.03
Lower secondary -0.28 0.75 0.21 0.09 -0.39 0.68 0.22 0.04 -0.38 90.6 0.23 0.05
Higher second. (ref.)
Higher, non-university ~ 0.93 2.53 0.28 0.00 1.12 3.07 0.26 0.00 1.11 3.03.31 0 0.00
University 1.28 3.59 0.39 0.00 1.43 4.18 0.38 0.00 141 410.410 0.00
Other or unknown -1.36 0.26 1.23 0.13 -1.38 0.25 0.96 0.07 -1.42 40.21.25 0.13
Month of entry:
January 0.09 1.09 0.54 0.44 0.12 1.13 0.51 0.41 0.10 1.11.570 043
February -0.77 0.46 0.79 0.17 -0.77 0.46 0.93 0.20 -0.77 60.40.81 0.17
March -0.63 0.53 0.63 0.16 -0.61 0.54 0.69 0.19 -0.60 50.50.68 0.19
May 0.09 1.10 0.26 0.36 0.08 1.08 0.26 0.38 0.09 1.09.270 0.37
June -0.47 0.63 0.24 0.03 -0.44 0.64 0.23 0.03 -0.44 50.6 0.25 0.04
July 0.26 1.29 0.27 0.17 0.21 1.23 0.27 0.22 0.22 1.24.290 0.22
August -1.17 0.31 0.62 0.03 -1.23 0.29 0.61 0.02 -1.22 00.3 0.66 0.03
September -0.09 0.91 0.45 0.42 -0.11 0.90 0.46 0.41 -0.11 00.90.48 0.41
October 0.48 1.62 0.39 0.11 0.47 1.60 0.39 0.12 0.48 161.440 0.14
November -0.13 0.88 0.59 0.41 -0.20 0.82 0.57 0.36 -0.19 30.8 0.60 0.38
December -0.13 0.88 0.56 0.41 -0.15 0.86 0.59 0.40 -0.14 70.8 0.57 0.40
April (reference)
Relation to the head :
Head -0.16 0.85 0.34 0.32 -0.26 0.77 0.33 0.22 -0.24 90.7 0.37 0.26
Spouse -0.68 0.51 0.48 0.08 -0.85 0.43 0.44 0.03 -0.81 40.40.52 0.06
Child
Other 0.25 1.29 0.52 0.31 0.01 1.01 0.52 0.49 0.01 1.01.590 0.50
No family relationship ~ -0.57 0.56 0.35 0.05 -0.65 0.52 0.35 0.03 -0.63 30.50.39 0.05
# of persons:
# of [0-1) year-old 0.23 1.26 0.31 0.22 0.13 1.14 0.27 0.32 0.13 1.14.340 0.35
# of [1-3) year-old -0.39 0.68 0.43 0.18 -0.38 0.68 0.46 0.20
# of [3-6) year-old -0.39 0.68 0.50 0.22 -0.39 0.67 0.50 0.22
# of [6-12) year-old -0.08 0.92 0.10 0.22 -0.30 0.74 0.25 0.11 -0.31 0.74 0.26 0.12
# of [12-18) year-old 0.14 1.15 0.14 0.16 0.14 1.15 0.16 0.19
# of [18-30) year-old -0.13 0.88 0.13 0.15 -0.14 0.87 0.12 0.12 -0.14 70.80.13 0.15
# of [30-50) year-old -0.56 0.57 0.16 0.00 -0.55 0.58 0.19 0.00
# of [50-65) year-old -0.43 0.65 0.17 0.01 -0.45 0.64 0.17 0.00 -0.43 0.65 0.21 0.02
# of [65-75) year-old -0.07 0.93 0.33 0.41 -0.06 0.94 0.32 0.43
# of [75+) year-old 0.56 1.75 0.47 0.12 0.60 1.82 0.44 0.09 0.63 1.88.530 0.12
Unemp. rate, end 97 0.00 1.00 0.02 0.50 -0.01 0.99 0.02 0.34 -0.01 0.99.02 0.40
A unemployment rate 0.02 1.02 0.04 0.29 0.02 1.02 0.03 0.30 0.02 1.02.040 0.33
Region :
Walloon region (ref.)
Flanders 0.44 1.56 0.38 0.13 0.49 1.63 0.35 0.08 0.50 165400 0.11
Brussels 0.23 1.25 0.31 0.23 0.24 1.27 0.28 0.20 0.24 1.27.320 0.23
Baseline : 5-8 quart. 0.18 1.20 0.23 0.21 0.44 1.56 0.22 0.02 0.44 1.56.240 0.03
9-15 quart. 0.27 1.30 0.30 0.19 0.70 2.00 0.29 0.01 0.68 1.97.350 0.03
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Table 2c¢ - duration model estimates: goodness-ot-Btatistics and unobserved heterogeneity

GOODNESS-OF-FIT No heterogeneity Heterogeneity : 2 pts of support heterogeneity: 4 pts of support
Log-likelihood -12103 -12099 -12099

# of variables 87 96 97

# of observations 8630 8630 8630
UNOBSERVED HETEROGENEITY " No heterogeneity Heterogeneity : 2 pts of support heterogeneity: 4 pts of support
Points of support: B Exp 8 o p-val. J4i Exp S o p-val.

Ve1 -3.18  0.04 0.27 0.00 -3.16 0.04 0.22 0.00
Ve2 -2.13  0.12 0.22 0.00 -2.05 0.13 0.21 0.00
Vp1 -6.83  0.00 0.94 0.00
Vp2 -4.82 0.01 0.78 0.00
Gamma 2.24 9.41 0.26

Probability mass (Logit):
Lambda / Lambda;
Lambda

Lambdas

B Exp 8 o p-val.
0.12 1.13 0.73 0.43

B Expf o  pval
0.26 1.30 0.46 0.29
Converges too: Not estimated

Converges too: Not estimated

Resulting probabilities:
2 pts of support 4 pts of support

Heterogeneity : 2 pts of support heterogeneity: 4 pts of support

P1 P11 0.968 0.565

P2 P12 0.032 Restricted to 0
P21 Restricted to 0
P22 0.435
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